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ABSTRACT

With the rapid rise of Buy Now and Pay Later (BNPL) services, concerns have emerged
regarding their potential to trigger unplanned purchases. This study investigates how BNPL services
influence consumers’ impulse buying behavior (IBB), using financial self-efficacy (FSE) as a
moderating factor. Grounded in the Unified Theory of Acceptance and Use of Technology (UTAUT),
this study examines the effects of PE, EE, SI, and FC on behavioral intention (BI) to use BNPL. We
further explore whether BI mediates the relationship between these antecedents and impulse buying.
The findings reveal that PE, SI, and FC significantly predict BI, which increases impulse buying.
However, EE had no significant effect. FSE was found to moderate the effect of BI on impulse buying,
strengthening its impact. These results offer theoretical insights into BNPL adoption and practical

implications for Fintech platform design and consumer financial education.

Keywords: Buy Now, Pay Later (BNPL), Impulsive Buying Behavior (IBB), Financial Self-Efficacy
(FSE), UTAUT

1. Introduction

Amid rising inflation and stagnant real wage growth, modern consumers are facing unprecedented
financial challenges. As they grapple with short-term cash flow pressures and the desire for immediate
consumption, a growing number are turning to deferred payment mechanisms to maintain their
quality of life and fulfill real-time purchasing needs. This shift in consumption behavior has
accelerated the development of digital financial technologies (FinTech), driving the rapid
proliferation of innovative payment tools, especially BNPL services.

BNPL allows consumers to defer payments at checkouts or divide them into interest-free
installments, thereby enhancing shopping flexibility and affordability [1-2]. Unlike traditional credit
cards and consumer loans, BNPL typically feature low entry barriers, streamlined procedures, and
wide integration across major e-commerce platforms and physical retail channels. In recent years,

BNPL have emerged as a key trend in global consumer finance. According to [3], the global BNPL
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market is projected to grow at a compound annual growth rate (CAGR) of 20.7% from 2024 to 2032.
Leading providers such as Klarna, Afterpay, and Affirm have successfully attracted a large number
of users, particularly Generation Z and Millennials, through marketing strategies emphasizing low
barriers and zero interest financing, appealing to consumers with high acceptance and reliance on
digital payment solutions[4].

Despite its appeal in terms of transactional convenience and short-term affordability, BNPL
services pose the potential risks of overconsumption and financial instability. Research suggests that
the intention to use BNPL is influenced by factors such as PE, FC, and perceived security [5].
However, these services may also lead consumers to underestimate their actual expenses and debt
obligations, thereby fostering irrational consumption decisions. This issue is particularly salient
among younger users whose unstable income and limited financial literacy increase their
susceptibility to impulsive purchases enabled by the BNPL model [6].

Impulse buying refers to spontaneous purchasing behavior driven by intense emotions, with little
prior planning or rational deliberation [7-8]. Such behavior often results from an interaction between
external stimuli and internal psychological traits. In the BNPL context, consumers’ intention to use
the service may be shaped by technology acceptance variables (e.g., PE and SI), thereby driving
immediate consumption decisions. However, while BNPL's rapid growth has received widespread
attention, the existing literature primarily focuses on its convenience and transaction efficiency, with
limited investigation into the psychological mechanisms, particularly the mediation and moderation
effects underlying the link between BNPL intention and impulsive buying.

Specifically, current studies rarely examine the psychological processes connecting individual
usage intention and impulsive purchasing, nor do they empirically integrate behavioral technology
acceptance models with financial psychological constructs. Although prior research has shown that
FSE can positively predict rational financial behavior[9-10], the role of this variable in moderating
the relationship between BNPL usage and impulsive buying remains underexplored.

To address this research gap, this study integrates the Unified Theory of Acceptance and Use of
Technology (UTAUT) with IBB theory and introduces FSE as a moderating variable. This study
constructs a comprehensive research model to extend the current knowledge and provide theoretical
and empirical support for responsible BNPL service design and regulatory policy.

In summary, while BNPL enhances consumer flexibility, it may also increase the risk of
impulsive purchases, especially in the context of low FSE. Thus, it is imperative to examine the
interplay between technology acceptance factors and individual financial psychology and to clarify
the potential mediation and moderation mechanisms involved.

This study aimed to develop a research model that integrates UTAUT and FSE to explore the

impact of BNPL services on consumer IBB. The specific research objectives were as follows:
1. To examine the effects of PE, EE, SI, and FC on consumers’ intentions to use BNPL services.
2. To analyze the mediating role of BNPL usage intention between the UTAUT constructs and IBB.
3. To test the moderating role of FSE in the relationship between BNPL usage intention and IBB.

This study aims to bridge the existing gap in the literature concerning the interaction between

BNPL adoption and financial psychological factors, and to offer empirically grounded insights for
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service providers, policymakers, and consumer education initiatives.

This study makes three main contributions to the literature. First, it connects technology
acceptance and consumer psychology by positioning BI toward BNPL as the mechanism that links
UTAUT antecedents to impulse buying. Second, it conceptualizes FSE as a boundary condition that
shapes when intentions are more (or less) likely to translate into impulsive purchase. Third, it adopts
a transparent analytical procedure and reports conventions that prioritize clarity and reproducibility
for future research on BNPL and impulsive consumption.

The next section reviews the related work and develops the hypotheses. The Methods section
describes the data and measures, and outlines the analytical procedure. The Results section reports
the tests of direct, indirect, and moderated relationships. The final section discusses the implications,

limitations, and directions for future research.

2. Literature Review

2.1 Background and Development of BNPL Services

BNPL is an innovative payment model driven by financial technology (FinTech) that allows
consumers to defer payments at the time of purchase or repay them in installments that are typically
interest-free or with minimal service fees[11]. This service has rapidly emerged in response to the
global expansion of e-commerce and evolving consumer spending patterns, and is gradually
reshaping traditional financial systems and consumer payment behaviors [12].

The BNPL mechanism was relatively straightforward. When consumers opt for BNPL at
checkout, service providers such as Klarna, Afterpay, or Affirm pay the full amount to the merchant
on behalf of the consumer. The consumer then repays the provider in scheduled installments. This
model, characterized by “no immediate payment” and “high flexibility with low barriers to entry,”
not only alleviates short-term financial pressure on consumers but also enhances transaction
completion rates and purchase intentions [5].

BNPL services have been widely adopted across e-commerce platforms, and are gradually
expanding into brick-and-mortar retail channels. This widespread adoption reflects a shift in
consumer payment preferences from traditional cash and credit card payments to more flexible
deferred payment alternatives. Studies have shown that BNPL’s convenience, flexibility, and low-
cost structure strongly appeal to younger consumers, particularly Generation Z and Millennials,
significantly enhancing their consumption autonomy [13-14].

However, the growing popularity of BNPL also introduces potential financial risks and
behavioral imbalances. Research indicates that some consumers underestimate their future repayment
obligations when using BNPL, resulting in increased irrational or impulsive consumption behaviors
and, in some cases, entrapment in debt cycles [15]. These risks are particularly pronounced among
individuals with weaker financial management skills or lower levels of self-control for whom BNPL

may exacerbate financial stress.

2.2 Application of the UTAUT Model in FinTech Contexts
The Unified Theory of Acceptance and Use of Technology (UTAUT) proposed in [16] integrates
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multiple technology adoption frameworks to explain users’ behavioral intentions and actual usage of

emerging technologies. This model comprises of four key determinants: PE, EE, SI, and FC. It has

been widely applied in domains such as mobile banking, e-commerce, and financial technology

services [17-18].

The UTAUT model is frequently employed to understand and predict consumer adoption and
purchasing behaviors. For instance, in [19], the model was used to examine consumers’ intention to
adopt online ticketing and fresh-produce e-commerce platforms. In the BNPL context, [19] combined
the UTAUT framework with the Information Systems success model and found that PE, EE, and SI
significantly influenced Generation Z’s intention to use BNPL applications in Saudi Arabia. Similarly,
[20] demonstrated that perceived usefulness (akin to PE) is the most critical predictor of consumer
adoption behavior in a cashless payment environment, reaffirming the validity of the UTAUT
framework.

In the context of BNPL research, this study adopts the four core constructs of UTAUT as its
theoretical foundation to examine their effects on usage intention and further analyze the mediating
role of usage intention on consumers’ IBB. The theoretical definitions and supporting evidence for
each construct are described below:

B PE is defined as the degree to which an individual believes that using a particular technology
will enhance performance [19]. In FinTech contexts, PE has been identified as a significant
driver for the adoption of mobile banking and digital payments [7], [21]. In a BNPL setting, if
consumers believe that this payment method improves purchasing efficiency or offers greater
flexibility in financial planning, their intention to use it is likely to increase.

B EE: Refers to the perceived ease of use of technology. In the BNPL context, when consumers
perceive the interface as user-friendly and the process simple, their likelihood of adoption
increases. Empirical evidence from [22] confirms that EE positively predicts the intention to
adopt mobile commerce and online transaction platforms.

B SI: This represents the extent to which individuals change their behavior due to others' opinions
or perceived social expectations [23]. According to [24], the intention to use BNPL is
significantly influenced by trust, attitude, and perceived risk factors that are moderated by
subjective norms and perceived ease of use. This indicates that social norms and psychological
perceptions together serve as external drivers of BNPL-usage decisions.

B FC: Refer to users’ perceptions of the availability of resources, support, or infrastructure needed
to use technology. In the BNPL domain, when consumers believe that the environment (e.g.,
platform support and clear instructions) is well equipped, they are more inclined to adopt the
service. Both [26-27] point out that convenience and infrastructural support significantly
influence adoption intentions for mobile payment and FinTech applications.

In summary, the UTAUT model provides a robust theoretical foundation for investigating BNPL

adoption behavior. This study applies the model to analyze how the four core constructs affect BNPL

usage intention, and further examines the mediating role of intention in impulsive purchasing, thereby

enriching the theoretical depth and practical applicability of BNPL consumer behavior research.

2.3 Technology Acceptance Model and Cognitive Processes
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Impulse buying refers to spontaneous purchasing behavior driven by internal emotions,
occurring without thorough planning or rational deliberation. Such behavior is typically influenced
by a combination of external stimuli and psychological factors[7-8]. In the context of BNPL, this
behavior becomes particularly prominent because of the delayed payment mechanism, which
mitigates immediate financial pressure and increases consumers’ susceptibility to irrational
purchasing decisions.

The BNPL model, characterized by “immediate possession” and “deferred payments,” can lead
to payment illusion and purchasing incentives that enhance the likelihood of impulse buying. As noted
in [27], the BNPL structure may reinforce materialistic tendencies, thereby increasing the risk of
overconsumption and debt accumulation. Furthermore, [28] found that individuals with a higher
propensity for impulse buying tend to use BNPL services more frequently, although mindfulness
interventions can effectively curb this tendency. Similarly, [15] demonstrated that BNPL users exhibit
significantly higher rates of impulsive online purchases, which, without adequate financial restraint,
may contribute to long-term debt and financial distress.

Individual psychological traits are also important predictors of impulse buying behavior. For
instance, [16] identified neuroticism, negative affect, and extraversion as personality traits positively
correlated with impulsive spending behavior. Therefore, a higher disposition toward impulsivity may
trigger immediate emotion-driven purchasing actions. In addition, studies such as [27] and [29]
emphasized the role of hedonic shopping motives, perceived social norms, and emotional arousal in
fostering non-rational consumption through behavioral impulsivity.

The digital environment is a significant catalyst. Studies in [31-32] confirmed that social media
advertising and online reviews, particularly those featuring personalized recommendations and
emotional appeals, can substantially enhance consumers’ tendency toward online impulse purchases.
This effect was more pronounced within the digitally dominated BNPL ecosystem.

Moreover, impulse buying not only affects purchasing behavior at the time of a transaction but
also has post-purchase emotional consequences. As noted in [32], impulse purchases can trigger a
mix of emotions, such as regret, anxiety, or fleeting satisfaction, which ultimately influence
consumers’ overall evaluation of the shopping experience. From a psychological stress perspective,
[33] found that mental health conditions and demographic variables also significantly predicted
impulsive spending behavior.

In summary, the relationship between BNPL and impulse buying is multidimensional and
encompasses payment design, individual psychological traits, social norms, and digital stimuli.
Understanding these mechanisms is essential for identifying the potential financial risks associated
with BNPL and provides both theoretical insights and practical implications for consumer protection

and financial education.

2.4 The Moderating Role of FSE
FSE refers to an individual’s confidence in effectively managing finances, making rational
financial decisions, and achieving financial goals [34]. This concept is rooted in the self-efficacy

theory proposed by Bandura[35], which emphasizes individuals’ subjective evaluations of their own
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capabilities, thereby influencing the initiation and persistence of behavior. Individuals with high FSE
typically exhibit greater self-discipline and planning ability in areas such as saving, budgeting, debt
repayment, and investment management[9], [36].

Empirical evidence consistently supports a strong positive relationship between the FSE and
responsible financial behavior. For example, [10] find that individuals with high FSE tend to
experience improved financial conditions and greater economic stability. Other studies [38-39]
indicate that FSE fosters delayed gratification, encourages saving behavior, and reduces financial
risk-taking. Furthermore, [39] observed that individuals with high FSE were better able to avoid
decision procrastination and cognitive biases, demonstrating greater psychological resilience and
judgment under uncertainty.

At the organizational level, [40] found that the FSE moderates the relationship between financial
literacy and loan decision-making, highlighting its critical role in shaping corporate financial behavior.
Additionally, [41] emphasized that FSE serves as a foundational psychological resource for enhancing
financial inclusion.

In the BNPL context, the FSE also plays a pivotal role. According to [28], individuals with high
FSE are more capable of accurately assessing the costs and risks associated with BNPL use and are
less likely to misjudge their repayment ability due to the deferred payment structure. Similarly, [9]
reported that FSE enhances self-regulation and spending restraint, promoting more rational consumer
behavior.

Moreover, an empirical study [42] on university students found that financial parenting can
reduce the likelihood of BNPL adoption by enhancing FSE. This demonstrates the mediating role of
FSE in the relationship between financial socialization and BNPL usage behavior as well as its
potential to suppress impulsive consumption.

In summary, FSE not only predicts individuals’ financial behaviors and decision quality, but may
also moderate the relationship between BNPL usage intention and IBB. Consumers with high FSE
are more capable of resisting irrational behavior driven by the "payment deferral illusion" inherent in
BNPL schemes.

Therefore, this study incorporates the FSE as a moderating variable to examine whether and how
it conditions the relationship between BI to use BNPL and IBB, thereby providing empirical insights
for policymakers and service providers on financial education and responsible consumption

safeguards.
3. Research Design

3.1 Research Framework

This study is grounded in the Unified Theory of Acceptance and Use of Technology (UTAUT)
and proposes an integrated research model to examine how technological acceptance factors influence
consumers’ IBB in the context of BNPL services. Specifically, the study investigates the effects of
four core UTAUT constructs—PE, EE, SI, and FC-on consumers’ intention to use BNPL. Furthermore,

the study analyzes whether usage intention mediates the relationship between these factors and IBB
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and whether FSE serves as a moderating variable within this process.

Performance
Expectancy(PE)

Financial Self-

H1
Efficacy(FSE)

Effort

Expectancy(EE) H2

H6
Behavioral Impulse Buying

A4
Social Intention(BI) H5 Behavior(IBB)
Influence(Sl) H3

H4

Facilitating
Conditions(FC)

Figure 1. Conceptual framework (not a computational algorithm)
Note: Figure 1 depicts the theoretical paths among UTAUT antecedents BI, IBB, and the moderating
role of FSE. The analytical procedure is implemented and reported in Sections 4.3—4.5 with tables
(EFA diagnostics in Table 2, reliability/validity in Table 3, direct and mediated effects in Tables 4-5,
and moderation in Table 6) rather than through a graphical algorithm.

3.2 Research Hypotheses
(1) PE and BI to Use BNPL

PE refers to the degree to which individuals believe that using a particular technology improves
their task performance [23]. In the context of mobile payments and BNPL services, if consumers
perceive that such services offer greater efficiency, flexibility, or transactional convenience, their BI
to adopt BNPL will increase accordingly [44-45].
H1: PE has a positive effect on BI when using BNPL.
(2) EE and BI to Use BNPL

EE is defined as users’ perception of the ease of using a new technology, which influences their
BI [45]. When the BNPL system interface is intuitive and user-friendly, consumers are more likely to
adopt it [46].
H2: EE has a positive effect on BI when using BNPL.
(3) SI and BI to Use BNPL

SI describes the extent to which individuals’ BI is shaped by perceived social norms or
expectations of important others [47]. As an emerging payment method, BNPL adoption is often
influenced by peers, family members, and social media platforms [48].
H3: SI has a positive effect on BI when using BNPL.
(4) FC and BI to Use BNPL

FC refers to the perceived availability of organizational or technical support resources [49], such

as platform stability, user guidance, and customer support. When consumers perceive adequate
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support, their willingness to adopt BNPL also increases.
H4: FC has a positive effect on BI when using BNPL.
(5) Bl and IBB

The deferred payment feature of BNPL reduces the immediate burden of payment, making consumers
more susceptible to impulsive or irrational purchasing decisions [13]. As the Bl to use BNPL increases,
the likelihood of engaging in IBB also rises.
HS: Bl to use BNPL has a positive effect on IBB.
(6) Moderating Role of FSE

According to the self-efficacy theory proposed in [50], individuals’ belief in their ability to
manage financial matters significantly influences their capacity for rational decision making.
Consumers with high levels of FSE are better equipped to recognize the potential risks associated
with BNPL use, which may influence how intentions translate into IBB [28].
Hé6: FSE moderates the relationship between BI and the use of BNPL and IBB.

3.3 Data Collection and Questionnaire

This study employed a quantitative survey method as the primary means of data collection, with
data processing and statistical analysis conducted using the JASP version 0.18.3. Prior to participation,
respondents were informed of the purpose of the study. The questionnaire consisted of two sections:
the first gathered demographic information, including gender, age, and educational attainment, and
the second evaluated respondents’ perceptions and behaviors related to the adoption of BNPL services.
This section encompasses constructs, such as PE, EE, SI, FC, BI, IBB, and FSE. All items are
measured using a five-point Likert scale (1 = strongly disagree, 5 = strongly agree).

FC and BI were adapted from the Unified Theory of Acceptance and Use of Technology
(UTAUT) measurement items proposed in [23], [51] , and revised to fit the BNPL service context.
IBB, which refers to consumers’ unplanned and immediate purchasing actions, was assessed using
items adapted from [52]. FSE, defined as an individual's confidence in effectively managing finances

and achieving financial goals, was measured using items adapted from [53].

4. Data Analysis and Results

To improve coherence and traceability, this chapter reports the analysis in four steps that align
with the research design: (1) data and measurement: define constructs and summarize items and scales;
(2) measurement evaluation: report reliability and validity evidence using the established criteria; (3)
construct tests: evaluate the theorized paths from UTAUT antecedents to BI and from BI to IBB; and

(4) moderation test: examine whether FSE conditions the BI-IBB relationship.

4.1 Methodological Features

This study used a quantitative survey to examine the theorized relationships among BNPL-
related constructs. The questionnaire contains a demographics section and a focal-constructs section
measuring PE, EE, SI, FC, BI, IBB, and FSE on five-point Likert scales; items were adapted from
established sources and tailored to the BNPL context. Analyses were conducted using the JASP (v.
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0.18.3). For the measurement assessment, we followed an exploratory factor-analytic procedure-
principal component analysis (PCA) with varimax rotation on the correlation matrix, using the
eigenvalue-greater-than-one rule. Sampling adequacy and sphericity diagnostics (reported in Section
4.3) indicated suitability for factor analysis, and items with cross-loadings lacking a clear dominant
factor were removed to improve parsimony (see details in Section 4.3 and Table 2). Consistent with
the theoretical model, we then tested direct paths from UTAUT antecedents (PE, EE, SI, FC) to BI
and BI to IBB, assessed indirect (mediated) effects via BI, and examined whether FSE conditions the
BI-IBB relationship. In addition, our approach differs from studies that focus only on acceptance
antecedents or platform features: (i) we link acceptance constructs to a behavioral outcome (IBB) via
BI, and (i1) we theorize and test FSE as a boundary condition on the intention-behavior stage.
4.2 Descriptive Statistics

This study collected data through an online questionnaire survey, resulting in 498 valid responses.
As shown in Table 1, the sample exhibited a relatively balanced gender distribution, with 57.43%
identifying as females and 42.57% as males. The majority of the respondents were aged between 26
and 41 years (64.06%), and most held a university or college degree (78.11%). In terms of
occupational background, the largest segments were from the service industry (44.58%) and
information technology sector (21.69%).

Regarding awareness and experience with BNPL services, 31.93% of the participants indicated
that they had first heard of BNPL within the past six months, while 32.93% reported having used such
services during the same period. These findings suggest that BNPL are gradually gaining traction

among younger consumer groups, reflecting a notable degree of market penetration.

Table 1. Demographic Characteristics

Characteristics N=498 %
Gender Male 212 42.57
Female 286 57.43
Age Under 25 44 8.84
2641 319 64.06
42-57 121 24.30
Above 58 14 2.81
Education Level Below Junior High School 3 0.60
High School/Vocational School 53 10.64
University/College 389 78.11
Graduate School or Above 53 10.64
Current Student 23 4.62
Occupation Information Technology 108 21.69
Military, Civil Servant, Teacher 39 7.83
Service Industry 222 44.58
Finance Industry 41 8.23
Others 65 13.05
Annual Income 0 - 500,000 155 31.12
(NTD) 500,001 — 1,000,000 262 52.61
1,000,001 — 1,500,000 62 12.45
1,500,001 — 2,000,000 14 2.81
Above 2,000,000 5 1.00
Time since first None 34 6.83
hearing of BNPL < 6 months 159 31.93
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Characteristics N=498 %
6—12 months 113 22.69
1-2 years 107 21.49
2-3 years 43 8.63
> 3 years 42 8.43

BNPL usage None 150 30.12

experience < 6 months 164 32.93
6—12 months 101 20.28
1-2 years 44 8.84
2-3 years 20 4.02
>3 years 19 3.82

Source: By authors

4.3 Exploratory Factor Analysis (EFA)

This study used JASP to conduct exploratory factor analysis via principal component analysis
(PCA) with varimax orthogonal rotation on the correlation matrix, extracting components with
eigenvalues greater than 1. The Kaiser-Meyer-Olkin (KMO) statistic exceeded 0.9, and Bartlett’s test
of sphericity was significant (p <.001), indicating suitability for factor analysis (see Table 2).

In line with the recommendation of [54], when an item exhibits substantial loadings on multiple
factors without a clear dominant factor, deletion should be considered to improve the model’s
parsimony and interpretability. Therefore, this study removed items PE 2 and PE 3 to enhance the

clarity of the factor structure and overall data quality.

Table 2. KMO and Bartlett’s Test

Index Value
KMO 0.94
Bartlett’s y? 7520.71
df 325.00
p-value <.001

Source: By authors

4.4 Reliability and Validity Analysis

Table 3 presents the results of the reliability and validity analysis for each construct, including
factor loadings, Average Variance Extracted (AVE), Composite Reliability (CR), and Cronbach’s o
coefficients. All constructs exhibited Cronbach’s o values above 0.70, indicating satisfactory internal
consistency reliability[55].

The composite reliability ranged from 0.550 to 0.878. Although the CR values for PE and FC
were slightly below the conventional threshold of 0.70, they were retained for further statistical
analysis because of the contextual importance of these constructs [56]. Additionally, while the
recommended AVE threshold is 0.50, values above 0.36 are considered marginally acceptable under
certain empirical conditions [57]. All AVE values met this relaxed criterion, thus supporting the

convergent validity of the constructs.

Table 3. Reliability and Validity Results

Construct Item Factor loading AVE CR Cronbach's a

10
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PE_ 1 0.67

PE 0.381 0.550 0.75
PE_4 0.56
EE_1 0.74

EE EE_2 071 0.541 0.825 0.85
EE_3 0.73
EE_4 0.76
si_1 0.78

SI Sl 2 0.80 0.635 0.839 0.91
SI_3 0.81
FC_1 0.60

FC FC_2 0.64 0.373 0.640 0.75
FC_ 3 0.59
FSE_1 0.69
FSE_2 0.70

FSE FSE_3 0.73 0.474 0.817 0.79
FSE_4 0.58
FSE_5 0.73
BI_1 0.77

BI Bl.2 077 0.556 0.833 0.01
BI 3 0.73
Bl 4 0.71
IBB_1 0.76
IBB_2 0.79

BB IBB_3 0.76 0.590 0.878 0.86
IBB_4 0.74
IBB_5 0.79

Source: By authors
4.5 Hypothesis Testing Results and Discussion

(1) Direct Effects

According to the statistical results presented in Table 4, the direct relationships between PE, EE,
SI, FC, BI, and IBB were examined.

PE was found to have a significant positive influence on BI to use BNPL services (p < .001),
indicating that the higher the perceived performance benefits, the stronger the intention to adopt
BNPL. This supports H1. However, EE did not significantly affect BI (p = 0.07), thus providing no
support for Hypothesis H2.

SI had a significant positive effect on BI (p < .001), suggesting that greater perceived social
pressure or influence from peers and media increases the likelihood of using BNPL services, thus
supporting H3. FC also showed a significant but smaller positive effect on BI (p < .05), supporting
Hypothesis H4.

Finally, BI significantly predicted IBB (p < .001), indicating that a stronger intention to use
BNPL correlates with a greater likelihood of impulsive purchases, supporting Hypothesis HS.

In summary, PE and SI were found to be key drivers of BI in adopting BNPL, whereas EE was

11
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not significant. FC showed a weaker but still significant effect. Furthermore, BI was a significant
predictor of IBB. These findings provide important insights into the psychological mechanisms
underlying BNPL adoption and its potential behavioral consequences.

Table 4. Verification of Direct Effects

Path Estimate Std. Error z-value p-value Hypothesis
H1 PE—BI 0.57 0.05 11.19 <.001 Supported
H2 EE—BI 0.12 0.06 1.82 0.07 Not Supported
H3 SI—BI 0.40 0.04 10.96 <.001 Supported
H4 FC—BI 0.17 0.06 2.60 0.009 Supported
H5 BI—IBB 0.24 0.07 3.58 <.001 Supported

Source: By authors

(2) Mediation Effects

As shown in Table 5, this study examined the mediating effect of BI on the relationship between
four UTAUT constructs (PE, EE, SI, and FC) and IBB.

The mediation path from PE to IBB via BI was statistically significant (p < .001), suggesting
that PE enhances the intention to use BNPL, which in turn increases impulsive purchasing tendencies.
Therefore, H1 is supported.

In contrast, the mediating effect of EE was not significant (p = 0.11), indicating that perceived
ease of using BNPL does not substantially affect BI or subsequent IBB. Hence, H2 was not supported.

The mediation effect of SI on IBB through BI was statistically significant (p = 0.04), indicating
that social pressure and normative beliefs enhance the likelihood of using BNPL, which consequently
increases impulsive purchasing behavior, thus supporting H3.

Similarly, the mediating effect of FC was significant (p < .001), revealing that perceptions of
accessible resources and support systems contributed to stronger BI, which in turn heightened IBB.
Therefore, H4 is supported.

These findings suggest that PE, SI, and FC are key drivers that indirectly contribute to impulsive
consumer behavior via an increased intention to use BNPL services. In contrast, the effects of EE

were minimal.

Table 5. Verification of Mediation Effects

Path Estimate Std. Error z-value p-value Hypothesis
PE—BI—IBB 0.14 0.04 341 <.001 Supported
EE—BI—IBB 0.03 0.02 1.62 0.11 Not Supported
SI—-BI—IBB 0.04 0.02 2.10 0.04 Supported
FC—BI—IBB 0.10 0.03 3.40 <.001 Supported

Source: By authors

(3) Moderating Effects
To test Hypothesis H6, we examined whether FSE moderates the effect of BI on IBB. As shown

12
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in Table 6, the interaction term (BI %X FSE) has a statistically significant positive effect on IBB (p =
0.002), indicating a significant moderation effect.

This result implies that consumers with higher FSE experience a stronger relationship between
their BI to use BNPL and subsequent IBB. In other words, individuals who feel more confident in
managing their finances are more likely to translate their intention to use BNPL into actual purchasing
behavior, including impulsive purchases. This could reflect a heightened sense of financial control
that paradoxically facilitates greater engagement in BNPL transactions, warranting further

exploration.

Table 6. Moderation Test: Effect of BI x FSE on IBB

Path Unstandardized Std. Error Standardized t-value p-value  Hypothesis
H6 BI x FSE — IBB 0.07 0.02 0.12 3.03 0.002 Supported

Source: By authors

This study employed the Unified Theory of Acceptance and Use of Technology (UTAUT) to
investigate the influence of BI to use BNPL services on IBB, with FSE as a moderating variable. The
major findings are summarized as follows.

First, PE demonstrated a significant positive effect on BI to use BNPL services (p < 0.001),
indicating that consumers' expectations regarding improved transaction efficiency significantly
promoted their intention to adopt such services. SI also exerts a significant positive effect on BI (p <
0.001), suggesting that the opinions of peers, family members, and online communities play a critical
role in shaping consumer decisions. While the effect of FC was relatively small, it remained
statistically significant (p = 0.009), indicating that the availability of technical resources and support
moderately enhanced adoption intentions. By contrast, EE did not show a significant impact on BI (p
= 0.07), which may imply that modern BNPL platforms are already designed with user-friendly
interfaces, thereby minimizing perceived technological barriers.

Furthermore, the BI to use BNPL exhibited a significant positive influence on IBB (p <0.001),
suggesting that ease of use and deferred payment features may reduce consumers’ rational self-
regulation, thereby amplifying impulsive purchasing tendencies. In addition, PE, SI, and FC were
found to significantly affect IBB through the mediating role of BI, confirming the central bridging
function of BI between UTAUT variables and consumer behavioral outcomes.

Finally, FSE significantly strengthens the BI-IBB relationship (p = 0.002), indicating that
individuals with higher FSE are more likely to translate BNPL usage intention into actual and
potentially impulsive purchasing.

In conclusion, this study identified PE, SI, and FC as the key determinants of BNPL adoption
intention. Moreover, it highlights that the FSE functions as a boundary condition that amplifies the
translation of intention into impulse buying. These findings offer valuable insights for BNPL service
providers, financial literacy advocates, and policymakers, aiming to promote responsible

consumption in the era of digital finance.

5. Conclusion and Recommendations
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5.1 Conclusion

This study aimed to investigate the impact of BNPL services on consumers’ IBB, while further
examining the moderating role of FSE. The findings indicate that PE, SI, and FC significantly
promote consumers’ BI to use BNPL, which leads to greater impulse buying. Moreover, the FSE
significantly moderates the relationship between BI and IBB, highlighting the crucial role of financial
capability perception in consumption decisions.

First, PE was identified as a key driver of BI when using the BNPL. This aligns with the UTAUT
framework [23], suggesting that if consumers believe that BNPL can enhance efficiency and
convenience, they are more inclined to adopt it. This insight provides BNPL providers a clear
direction for improving technological experience and service processes.

Second, SI also significantly and positively impacted BI. Support or recommendations from
significant others (e.g., family and friends) substantially increased consumers’ adoption likelihood,
consistent with [58], emphasizing the importance of community-based marketing and social
recognition in the diffusion of new financial technologies.

FC was also found to significantly affect BI, indicating that available infrastructure and service
accessibility play supportive roles in usage decisions. This finding echoes [59], especially among
digital-native generations, where a low usage barrier boosts adoption motivation.

In contrast, EE did not have a significant effect in this study. This may reflect that most BNPL
platforms have already achieved high usability and automation standards, reducing consumers'
concerns over learning costs and system complexity. This suggests that once intuitive design is
ensured, ease-of-use is no longer the primary determinant.

Furthermore, BI significantly predicted IBB, which is consistent with previous findings [61-62].
The deferred payment and installment flexibility provided by BNPL services appear to lower the
financial inhibition thresholds and foster non-rational consumption.

In terms of mediation, this study found that PE, SI, and FC indirectly influenced IBB through
BI. This finding confirms that BI is a key mediator linking UTAUT constructs with consumer
behavior outcomes.

Most importantly, FSE significantly moderated the relationship between BI and IBB. In this
study, higher FSE strengthens the BI — IBB link; individuals with greater FSE are more likely to
translate their intention to use BNPL into actual and potentially impulsive purchases. This boundary
conditioning role of FSE is consistent with self-efficacy theory in digital consumer contexts and prior
evidence [28], [62].

Overall, this study extends the UTAUT model to the domain of modern financial consumer
behavior and integrates psychological constructs to offer a comprehensive theoretical and empirical

framework for understanding BNPL usage.
5.2 Managerial Implications

These findings offer practical value for BNPL providers, policymakers, and financial education

institutions.
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1. Three Key Drivers of BI: Service design, should focus on enhancing performance (e.g.,
improving transaction speed and return/refund processes), boosting social recognition (e.g., via
influencer marketing and online reviews), and strengthening infrastructure and customer support
(e.g., platform stability and ease of use).

2. Al and Risk Management Technologies: As [63] highlights, integrating machine learning and
alternative credit scoring can significantly improve default prediction. BNPL platforms should
incorporate such technologies to balance growth with responsible risk controls.

3. Avoiding Over-Reliance on Promotions: Although promotional campaigns can boost short-
term sales, [64] warns that they may erode trust and reduce long-term satisfaction. BNPL
platforms should avoid positioning “impulsive triggers” as the main growth lever, and instead
design offers based on long-term customer value.

4. Enhancing Financial Education and User Support: Improving users’ FSE is a core strategy
to reduce impulsive spending. BNPL providers could develop financial education modules,
expense tracking tools, and alert systems to help users make wiser financial decisions, thereby

increasing trust and platform stickiness.
5.3 Practical Implications

This study provides empirical insight into BNPL's role in shaping consumer behavior. Results
emphasize the importance of enhancing PE, strengthening SI, and optimizing FC as key strategies to
promote BNPL usage, offering valuable guidance for platform design and marketing.

Simultaneously, the study highlights the potential of BNPL to intensify IBB, particularly among
consumers with low FSE. This suggests that providers and regulators should balance convenience
with financial risk management—through mechanisms such as financial assessment tools, consumer
reminders, and Al-powered credit scoring models for personalized control.

Moreover, this research contributes to the understanding of psychological and behavioral
mechanisms in digital consumer environments, emphasizing that sustainable BNPL development
requires an integrated approach that combines technological enhancement, consumer insight, and

financial literacy support.
5.4 Research Limitations and Future Directions

Despite its contributions, this study has several limitations that delimit the scope of inference and
suggest directions for future research.
(1) Cross-sectional design and causal interpretation.

The evidence was based on a single-wave, cross-sectional survey. As such, temporal ordering
among technology acceptance antecedents, Bl toward BNPL, and impulse buying cannot be
established definitively. Reverse or reciprocal relationships remain plausible (e.g., consumers
prone to impulsive purchases may also be more inclined to use BNPL). Future work should deploy
multi-wave panel designs, field or lab experiments, or quasi-experimental approaches to better
identify the timing and direction of the effects along the intention behavior pathway and its

moderation.
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(2) Self-report and single-source measurements.

All the focal constructs were measured using self-administered questionnaires. This raises
concerns regarding self-reporting biases (e.g., recall and social desirability) and the possibility of
single-source method variance. While the present study focuses on theoretically grounded
relationships among validated constructs, subsequent research could mitigate these concerns by
triangulating multiple data sources, such as behavioral/transactional records of BNPL usage and
repayment, or by incorporating observer or partner reports. Combining survey measures with
objective indicators would also help assess the extent to which self-perceived FSE aligns with
actual financial behavior.

(3) Sampling frame, context, and timing.

The sampling frame is primarily situated in Taiwan and reflects the market, regulatory, and
promotional environments at the time of data collection. External validity may, therefore, be
bounded by contextual features (e.g., local norms around digital payments, marketing intensity,
and prevailing interest rate conditions). Cross-market replications and time-staggered studies
would clarify whether estimated relationships generalize across regulatory regimes, platform
designs, and promotional calendars.

(4) Measurement scope and psychometrics.

The study adopted established scales for the focal constructs; however, some constructs
exhibited less-than-ideal internal consistency or convergent validity relative to conventional
thresholds, and certain domains were measured with a limited number of items. Future research
should refine and extend the instruments (e.g., through item development and revalidation) and
assess measurement invariance across key subgroups (e.g., age, income, and BNPL experience) to
strengthen construct validity and comparability.

(5) Model scope and omitted variables.

To maintain parsimony, the model centers on UTAUT antecedents BI and FSE as boundary
conditions. Other theoretically relevant factors, such as financial knowledge and risk perception,
trait impulsivity and self-control, affective states (e.g., stress and anxiety), and macro-level
influences (e.g., inflation expectations) were not explicitly modeled. Incorporating these variables
could help disentangle alternative mechanisms and test additional boundary conditions for
intention impulse linkage in BNPL contexts.

(6) Design features of BNPL platforms.

The analysis abstracts from the heterogeneity in BNPL product design (e.g., fee schedules,
late fee policies, disclosure formats, and checkout frictions). Future studies could experimentally
manipulate interface frictions and messaging (e.g., affordability prompts and spending alerts) to
estimate how specific design elements shape intention formation and the translation of intention
into impulsive purchases and whether such effects vary by FSE.

Taken together, these limitations outline a forward agenda: combining longitudinal or
experimental designs with multi-source behavioral data; expanding and validating measurement

instruments; examining heterogeneity across markets, time, and platform designs; and integrating
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additional psychological and economic variables. Such work would refine the theory on when and

why BNPL adoption intentions spill over into impulse buying, and inform the design of safeguards

that preserve flexibility while curbing harmful outcomes.

Acknowledgements

This article received no financial or funding support.

Conflicts of Interest

The author confirms that there are no conflicts of interest.

References

(1]

(2]

(3]

(4]

(3]

(6]

(7]

(8]

(9]

[10]

Bian, W., Cong, L.W. and Ji, Y. The rise of e-wallets and buy-now-pay-later: payment competition, credit expansion,
and consumer behavior. National Bureau of Economic Research, 2023. Available online:

https://www.nber.org/papers/w31202 (Accessed: 2024-05-19).

Mukhtar, B. A proposed framework for assessing BNPL (Buy Now, Pay Later) adoption and its impact on
consumers’ buying behavior. Kne Social Sciences, 2023. DOI: 10.18502/kss.v8i20.14639.
Fortune Business Insights. Buy Now Pay Later Market Size, Share, Trends & Report [2032]. Available online:

https://www.fortunebusinessinsights.com/buy-now-pay-later-market-106408 (Accessed: 2024-05-19).

Adirinekso, G.P., Purba, J.T. and Budiono, S. Measurement of performance, effort, social influence, facilitation,
habit and hedonic motives toward pay later application intention: Indonesia evidence. In: Proceedings of the
International Conference on Industrial Engineering and Operations Management, 2020, 208-219. Available online:

http://www.ieomsociety.org/harare2020/papers/94.pdf (Accessed: 2024-05-19).

Relja, R., Ward, P. and Zhao, A.L. Understanding the psychological determinants of buy-now-pay-later (BNPL) in
the UK: a user perspective. International Journal of Bank Marketing, 2024, 42(1), 7-37. DOI: 10.1108/IJBM-07-
2022-0324.

Desai, P.S. and Jindal, P. Better with buy now, pay later?: A competitive analysis. Quantitative Marketing and
Economics, 2024, 22(1), 23—61. DOI: 10.1007/s11129-023-09271-y.

Beatty, S.E. and Ferrell, M.E. Impulse buying: Modeling its precursors. Journal of Retailing, 1998, 74(2), 169-191.
DOI: 10.1016/S0022-4359(99)80092-X.

Verplanken, B. and Herabadi, A. Individual differences in impulse buying tendency: feeling and no thinking.
European Journal of Personality, 2001, 15(S1), S71-S83. DOI: 10.1002/per.423.

Rothwell, D.W. and Wu, S. Exploring the relationship between financial education and financial knowledge and
efficacy: Evidence from the Canadian Financial Capability Survey. Journal of Consumer Affairs, 2019, 53(4), 1725—
1747. DOI: 10.1111/joca.12259.

Zunairoh, Z., Silalahi, M.A.R. and Wijaya, L.I. Family financial socialization and financial behavior on the Covid-
19 perspective. In: Proceedings of the 19th International Symposium on Management (INSYMA 2022), Springer
Nature, 2023, 28. Available online: https://www.google.com/books?hl=zh-
TW&Ir=&id=vIKjEAAAQBAJ&oi=fnd&pg=PA28&dg=Family+Financial+Socialization+and+Financial+Behav

17


https://www.nber.org/papers/w31202
https://www.fortunebusinessinsights.com/buy-now-pay-later-market-106408
http://www.ieomsociety.org/harare2020/papers/94.pdf
https://www.google.com/books?hl=zh-TW&lr=&id=v1KjEAAAQBAJ&oi=fnd&pg=PA28&dq=Family+Financial+Socialization+and+Financial+Behavior+on+the+Covid-19+Perspective&ots=vfokkR16Fz&sig=0cRZm_v5mChXRIINF7cfa36lvxE
https://www.google.com/books?hl=zh-TW&lr=&id=v1KjEAAAQBAJ&oi=fnd&pg=PA28&dq=Family+Financial+Socialization+and+Financial+Behavior+on+the+Covid-19+Perspective&ots=vfokkR16Fz&sig=0cRZm_v5mChXRIINF7cfa36lvxE

Journal of Information and Computing (JIC), 2025, 3(3), 1-21.

[11]

[12]

[13]

[14]

[15]

[16]

[17]

[18]

[19]

(20]

[21]

[22]

[23]

[24]

ior+on+the+Covid-19+Perspective&ots=vfokkR 1 6Fz&sig=0cRZm_vSmChXRIINF7cfa36lvxE (Accessed: 2025-
07-20).

Kutbi, A. The effect of Buy Now, Pay Later fintech on traditional financial services and consumer behavior in Saudi
Arabia. Financial and Credit Activity Problems of Theory and Practice, 2024, 2(55), 281-297. DOI:
10.55643/fcaptp.2.55.2024.4323.

Belinska, Y. Current global trends of digitalization of the consumer financial services industry. Market Infrastructure,
2023, (74). DOIL: 10.32782/infrastruct74-21.

Raj, V.A., Jasrotia, S.S. and Shankar, S. Intensifying materialism through buy-now pay-later (BNPL): examining
the dark sides. International Journal of Bank Marketing, 2023, 42(1), 94-112. DOI: 10.1108/ijbm-08-2022-0343.
Pradhan, D., Israel, D. and Jena, A.K. Materialism and compulsive buying behaviour: the role of consumer credit
card use and impulse buying. Asia Pacific Journal of Marketing and Logistics, 2018, 30(5), 1239-1258.

Ah Fook, L. and McNeill, L. Click to buy: The impact of retail credit on over-consumption in the online
environment. Sustainability, 2020, 12(18), 7322.

Wang, Y., Pan, J., Xu, Y. and Wu, Y. The determinants of impulsive buying behavior in electronic commerce.
Sustainability, 2022. DOI: 10.3390/su14127500.

Puriwat, W. and Tripopsakul, S. Explaining social media adoption for a business purpose: an application of the
UTAUT model. Sustainability, 2021, 13(4), 2082.

Tomi¢, N., Kalini¢, Z. and Todorovi¢, V. Using the UTAUT model to analyze user intention to accept electronic
payment systems in Serbia. Port Economics Journal, 2023, 22(2), 251-270. DOI: 10.1007/s10258-022-00210-5.
Mensah, [.K., Zhao, T., Zeng, G. and Luo, C. Determinants of the continued intention of college students in China
to wuse DiDi mobile car-sharing services. SAGE Open, 2019, 9(4), 215824401989369. DOI:
10.1177/2158244019893697.

Karki, S. and Dahal, A.R. Awareness and adoption of the cashless economy in Nepal. International Journal of
Management and Organization, 2024, 2(2), 1-16.

Le, H.B.H., Ngo, C.T., Trinh, T.T.H. and Nguyen, T.T.P. Factor affecting customers’ decision to use mobile
banking service: A case of Thanh Hoa Province, Vietnam. The Journal of Asian Finance, Economics and Business,
2020, 7(2), 205-212.

Akbar, M., Irianto, G. and Rofiq, A. Purchase behaviour determinants on online mobile game in Indonesia.
International Journal of Multicultural and Multireligious Understanding, 2018, 5(6), 16. DOI:
10.18415/ijmmu.v5i6.457.

Venkatesh, V., Morris, M.G., Davis, G.B. and Davis, F.D. User acceptance of information technology: Toward a
unified view. MIS Quarterly, 2003, 27(3), 425-478.

Nguyen, K.T.B., Tran, T.B., Thai, C.M., Duong, V.C. and Nguyen, T.K. Promoting consumers’ adoption of buy-
now-pay-later feature while using e-wallet application: The case of Gen Z in Vietnam. In: European Conference on
Innovation and Entrepreneurship, Academic Conferences International Limited, 2024, 555-564. Available online:
https://search.proquest.com/openview/5e9460c97fd2ece39ee9261elcbff747/1?pg-
origsite=gscholar&cbl=396494&casa_token=bl4AJkGvzxoAAAAA:IEHBGhITUA8aQIMXIO_O0wfUuybEBPJSI
Cqt92HeGCWoz4170tD6uJfdXudazVdEReSDZYANJFQ (Accessed: 2025-07-20).

18


https://www.google.com/books?hl=zh-TW&lr=&id=v1KjEAAAQBAJ&oi=fnd&pg=PA28&dq=Family+Financial+Socialization+and+Financial+Behavior+on+the+Covid-19+Perspective&ots=vfokkR16Fz&sig=0cRZm_v5mChXRIINF7cfa36lvxE
https://search.proquest.com/openview/5e9460c97fd2ece39ee9261e1cbff747/1?pq-origsite=gscholar&cbl=396494&casa_token=bl4AJkGvzxoAAAAA:IEHBGhJTUA8aQJmXlO_0wfUuybEBPJ8ICqt92HeGCWoz4IZOtD6uJfdXudaZVdEReSDZyANJFQ
https://search.proquest.com/openview/5e9460c97fd2ece39ee9261e1cbff747/1?pq-origsite=gscholar&cbl=396494&casa_token=bl4AJkGvzxoAAAAA:IEHBGhJTUA8aQJmXlO_0wfUuybEBPJ8ICqt92HeGCWoz4IZOtD6uJfdXudaZVdEReSDZyANJFQ
https://search.proquest.com/openview/5e9460c97fd2ece39ee9261e1cbff747/1?pq-origsite=gscholar&cbl=396494&casa_token=bl4AJkGvzxoAAAAA:IEHBGhJTUA8aQJmXlO_0wfUuybEBPJ8ICqt92HeGCWoz4IZOtD6uJfdXudaZVdEReSDZyANJFQ

Journal of Information and Computing (JIC), 2025, 3(3), 1-21.

[25]

[26]

[27]

[28]

[29]

[30]

[31]

[32]

[33]

[34]

[35]

[36]

[37]

[38]

[39]

[40]

[41]

Kabra, G., Ramesh, A., Akhtar, P. and Dash, M.K. Understanding behavioural intention to use information
technology: Insights from humanitarian practitioners. Telematics and Informatics, 2017, 34(7), 1250-1261. DOI:
10.1016/j.tele.2017.05.010.

Sangeeta and Tandon, U. Factors influencing adoption of online teaching by school teachers: A study during
COVID-19 pandemic. Journal of Public Affairs, 2021, 21(4). DOI: 10.1002/pa.2503.

Mohan, G., Sivakumaran, B. and Sharma, P. Impact of store environment on impulse buying behavior. European
Journal of Marketing, 2013, 47(10), 1711-1732. DOI: 10.1108/ejm-03-2011-0110.

Schomburgk, L. and Hoffmann, A. How mindfulness reduces BNPL usage and how that relates to overall well-
being. European Journal of Marketing, 2023, 57(2), 325-359.

Rook, D.W. and Fisher, R.J. Normative influences on impulsive buying behavior. Journal of Consumer Research,
1995, 22(3), 305-313.

Zhang, K.Z.K., Xu, H., Zhao, S.J. and Yu, Y. Online reviews and impulse buying behavior: The role of browsing
and impulsiveness. Internet Research, 2018, 28(3), 522-543. DOI: 10.1108/intr-12-2016-0377.

Aslam, H., Rashid, M.A.H. and Chaudhary, N. Impact of personalized social media advertising on online impulse
buying behavior. Seisense Business Review, 2021, 1(3), 12-25. DOI: 10.33215/sbr.v1i3.660.

Li, Y. Impact of impulsive buying behavior on postimpulsive buying satisfaction. Social Behavior and Personality:
An International Journal, 2015, 43(2), 339-352. DOI: 10.2224/sbp.2015.43.2.339.

Torun, T. and Ipcioglu, I. Examining the impact of burnout syndrome and demographics on impulsive buying
behavior (IBB) in working places. Advances in Economics and Business, 2015, 3(7), 297-303. DOI:
10.13189/aeb.2015.030704.

Olajide, O. Affect and financial satisfaction: The mediating role of financial self-efficacy. Financial Planning
Review, 2023, 6(4), e1173. DOI: 10.1002/cfp2.1173.

Bandura, A. Self-efficacy mechanism in human agency. American Psychologist, 1982, 37(2), 122-147. DOI:
10.1037/0003-066x.37.2.122.

Muhamad, S., Kusairi, S. and Zamri, N. Savings behaviour of bottom income group: Is there any role for financial
efficacy and risk preference? Economics & Sociology, 2021, 14(2), 56—70. DOI: 10.14254/2071-789x.2021/14-2/3.
Han, K., Jung, J., Mittal, V., Zyung, D.J. and Adam, H. Political identity and financial risk taking: Insights from
social dominance orientation. Journal of Marketing Research, 2019, 56(5), 895-917. DOI:
10.1177/0022243718813331.

Tahir, M., Ahmed, A.D. and Richards, D.W. Financial literacy and financial well-being of Australian consumers:
A moderated mediation model of impulsivity and financial capability. International Journal of Bank Marketing,
2021, 39(7), 1045-1074. DOI: 10.1108/ijbm-09-2020-0490.

Sharma, A., Pandher, J.S. and Prakash, G. Consumer confusion and decision postponement in the online tourism
domain: The moderating role of self-efficacy. Journal of Hospitality and Tourism Insights, 2022, 5(6), 1267-1287.
DOI: 10.1108/jhti-03-2022-0096.

Djou, L.G. and Lukiastuti, F. The moderating influence of financial literacy on the relationship of financial attitudes,
financial self-efficacy, and credit decision-making intensity. Jurnal Akuntansi dan Keuangan, 2021, 23(2), 69-82.
DOI: 10.9744/jak.23.2.69-82.

Noor, N., Batool, I. and Arshad, H.M. Financial literacy, financial self-efficacy and financial account ownership

behavior in Pakistan. Cogent Economics & Finance, 2020, 8(1), 1806479. DOI: 10.1080/23322039.2020.1806479.
19



Journal of Information and Computing (JIC), 2025, 3(3), 1-21.

[42]

[43]

[44]

[45]

[46]

[47]

[48]

[49]

[50]
[51]

[52]

[53]

[54]

[55]

[56]

[57]

[58]

[59]

Aisjah, S. Intention to use buy-now-pay-later payment system among university students: A combination of
financial parenting, financial self-efficacy, and social media intensity. Cogent Social Sciences, 2024, 10(1),
2306705. DOI: 10.1080/23311886.2024.2306705.

Min, L.H. and Cheng, T.L. Consumers’ intention to use ‘buy now pay later’ in Malaysia. In: CoMBInES-
Conference on Management, Business, Innovation, Education and Social Sciences, 2023, pp. 261-278. Available
online: https://journal.uib.ac.id/index.php/combines/article/view/7696 (Accessed: 2024-05-21).

Sucahyo, Y.N. and Ardyan, E. The effect of unified theory of acceptance and use of technology (UTAUT) on
behavior intention and use behavior in buying baby product online. International Journal of Economics Business
and Management Research, 2022, 6(11), 89-99. DOI: 10.51505/ijebmr.2022.61107.

Dulle, F. and Minishi-Majanja, M.K. The suitability of the unified theory of acceptance and use of technology
(UTAUT) model in open access adoption studies. Information Development, 2011, 27(4), 293-310. DOI:
10.1177/0266666910385375.

Dagnoush, S.M. and Khalifa, G.S. The effect of users’ effort expectancy on users’ behavioral intention to use m-
commerce applications: Case study in Libya. International Journal on Recent Trends in Business and Tourism
(IJRTBT), 2021, 5(4), 1-7.

Venkatesh, V. and Davis, F.D. A theoretical extension of the technology acceptance model: Four longitudinal field
studies. Management Science, 2000, 46(2), 186—-204. DOI: 10.1287/mnsc.46.2.186.11926.

Suhud, U., Budak, T. and Benk, S. Antecedents of e-money adoption intention among Indonesian and Turkish
consumers. Management Science Letters, 2020, 10(2), 327-340. DOI: 10.5267/j.msl.2019.9.019.

Farah, M.F., Hasni, M.J.S. and Abbas, A.K. Mobile-banking adoption: Empirical evidence from the banking sector
in Pakistan. International Journal of Bank Marketing, 2018, 36(7), 1386—-1413. DOI: 10.1108/ijom-10-2017-0215.
Bandura, A. Social foundations of thought and action. Englewood Cliffs, NJ: Prentice-Hall, 1986.

Pratika, Y. UTAUT model: Identifying the driving factors of the intention to use paylater. Jurnal Bisnis dan
Manajemen, 2021, 8(2), 345-352.

Chen, C.C. and Yao, J.Y. What drives impulse buying behaviors in a mobile auction? The perspective of the
stimulus-organism-response model. Telematics and Informatics, 2018, 35(5), 1249-1262.

Mindra, R. and Moya, M. Financial self-efficacy: A mediator in advancing financial inclusion. Equality Diversity
and Inclusion: An International Journal, 2017, 36(2), 128-149. DOI: 10.1108/edi-05-2016-0040.

Hair, J.F., Black, W.C., Babin, B.J. and Anderson, R.E. Multivariate data analysis. Harlow: Pearson Education
Limited, 2013.

Nunnally, J.C. An overview of psychological measurement. In: Wolman, B.B. (Ed.), Clinical Diagnosis of Mental
Disorders. Boston, MA: Springer, 1978, pp. 97-146. DOI: 10.1007/978-1-4684-2490-4 4.

Bagozzi, R.P. and Yi, Y. On the evaluation of structural equation models. Journal of the Academy of Marketing
Science, 1988, 16(1), 74-94. DOI: 10.1007/BF02723327.

Fornell, C. and Larcker, D.F. Evaluating structural equation models with unobservable variables and measurement
error. Journal of Marketing Research, 1981, 18(1), 39-50. DOI: 10.1177/002224378101800104.

Alalwan, A.A., Dwivedi, Y.K. and Rana, N.P. Factors influencing adoption of mobile banking by Jordanian bank
customers: Extending UTAUT2 with trust. International Journal of Information Management, 2017, 37(3), 99-110.
Chawla, D. and Joshi, H. Role of mediator in examining the influence of antecedents of mobile wallet adoption on

attitude and intention. Global Business Review, 2023, 24(4), 609-625. DOI: 10.1177/0972150920924506.
20



Journal of Information and Computing (JIC), 2025, 3(3), 1-21.

[60]

[61]

[62]

[63]

[64]

Adelaar, T., Chang, S.M., Lancendorfer, K.M., Lee, B. and Morimoto, M. Effects of media formats on emotions
and impulse buying intent. Journal of Information Technology, 2003, 18(4), 247-266. DOI:
10.1080/0268396032000150799.

Chen, S., Zhi, K. and Chen, Y. How active and passive social media use affects impulse buying in Chinese college
students? The roles of emotional responses, gender, materialism and self-control. Frontiers in Psychology, 2022,
13, 1011337. DOI: 10.3389/fpsyg.2022.1011337.

Nyhus, E.K. Crypto cravings: Gender differences in crypto investment intentions and the mediating roles of
financial overconfidence and personality. Psychology and Marketing, 2023, 40(12), 2261-2274. DOI:
10.1002/mar.21921.

Mahmud, M.R., Hoque, M.R., Ahammad, T., Hasib, M.N.H. and Hasan, M.M. Advanced Al-driven credit risk
assessment for buy now, pay later (BNPL) and e-commerce financing: Leveraging machine learning, alternative
data, and predictive analytics for enhanced financial scoring. Journal of Business and Management Studies, 2024,
6(2), 180-189.

Xue, X., Zhang, Y., Li, M., Zhu, H. and Zhang, Y. Strategic rationing of e-commerce enterprises: Market demand

shifting and store change rate. Journal of Management Science and Operations, 2024, 2(2), 30-48.

21



